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ABSTRACT 

This research paper examines the impact of behavioural finance on insurance choice and 

efficiency in India. Behavioural finance incorporates cognitive biases and individual behaviours 

that influence investment choices. This paper examines the literature on overconfidence, loss 

aversion, and mental accounting, and considers how these notions might relate to insurance 

decisions and marketplace anomalies. The results of Statistical and regression analysis indicate 

that these cognitive biases significantly influence insurance-purchase behaviour. Cognitive 

biases significantly influence insurance purchase decisions. Behavioural Finance Theory 

suggests that biases can lead individuals to make choices that are not always economically 

optimal, thereby affecting their insurance buying behaviour. The findings are useful for 

developing effective behaviour strategies, enhancing insurance literacy, promoting appropriate 

insurance-related decision-making, and strengthening the stability of the insurance market in 

India. This study contributes to the existing literature on behavioural finance and offers useful 

guidance for insurers, financial advisors, and policymakers in developing effective insurance-

related policies and practices. 

Keywords: Behavioural Finance, Cognitive Biases, Overconfidence, Loss Aversion, Anchoring 

Bias, Mental Accounting, Insurance Decisions, Insurance Uptake, Insurance Penetration, 

Insurance Literacy, Policy Interventions, Consumer Behaviour, Indian Insurance Industry, 

Financial Planning, Market Stability. 

INTRODUCTION 

Behavioural finance is a science that was developed from the psychology and economics of 

human thought and developed to comprehend how people think about financial decisions. 
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Classical finance theories are based on the assumption that people are utility maximizers and 

rational. Behaviour finance indicates that the behavior of individuals is usually in contradiction 

to their thoughts, emotion and social interactions (Kahneman & Tversky, 1979). These 

psychological factors are of special importance for the insurance business since the purchase and 

maintenance of insurance is greatly influenced by these factors. In India, insurance industry 

involves different types of risk and return, behavioural finance field requirements (Thaler, 1985). 

In spite of the availability of various insurance options, densities of life insurance and health 

insurance still have to be lowered as compared to the global trends (IRDAI, 2019). This is an 

unfriendly inequality that suggests that the current insurance sales and coverage promotion 

paradigm may be inadequate in addressing psychological problems. From the literature, it is 

evident that the self-control biases such as overconfidence, anchoring and herding all have 

impact on consumer perception and buying insurance in India (Kumar, 2018). Many, for 

example, require more information on coverage so they make many mistakes in their choices of 

the premiums without insurance, basing their decisions on premiums(Chhabra, 2020). Thus, even 

if a person were able to recognize his need for borrowing money, he still borrows money as part 

of herd behaviour (Shiller, 2000). The other behavioural finance theory is the prospect theory on 

the evaluation of future gains and losses. In general, there is a notion called loss aversion where a 

person is more afraid of losses than they are valued gains (Kahneman & Tversky, 1979). In the 

insurance business, for instance, people are reluctant to purchase an insurance policy because 

although the policy is useful in the long run, it will require some up-front investment. Even 

mental accounting plays a vital role in decision-making regarding insurance purchases as 

consumers categorize money based on some perceived categories, such as in and out of different 

pockets and therefore exhibit inconsistent and sometimes wholly irrational feelings (Thaler, 

1985). For example, the individual might think that insurance premiums are more important risks 

to hedge. Evaluating the behavioral aspects applies when developing solutions to improve the 

likelihood of insurance products being purchased by India's insurance consumers as well as their 

insurance companies. The results of behavioural finance theory give insurers the tools to identify 

and fight the biases of decision making in product design and marketing, and in creating public 

policy, through use of behavioural finance techniques (Barberis & Thaler, 2003; Willis, 2008). 

BACKGROUND OF THE STUDY 

Behavioural finance developed as a sub-discipline from the birth of this last decade of the 

twentieth century, which displaced the earlier findings founded on neoclassical finance theories 

that dominated academic research and the practical application for such a long time. Traditional 

economics – which underpins classical finance and includes theories like the Efficient Market 

Hypothesis (EMH) and Modern Portfolio Theory (MPT) – assumes that investors are rational 

and that markets are efficient. Materialist models, in particular, assume that people behave in 
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their self-interest, know everything they need to, and always choose what is most beneficial to 

them(Daly, A. 2022). . However, in the recent past, Empirical Evidence, as accumulated by 

various Scholars, depicted anomalies and inconsistencies that these traditional models failed to 

portray. Speculative blows and falls, chronic inefficiencies, and personal investor conduct 

diverged from what textbooks often stated. These behavioural irregularities were first studied by 

some pioneers in psychology and economics - Daniel Kahneman, Amos Tversky, and Richard 

Thaler – and resulted in the field of behavioural finance. 

The primary development step of behavioural finance is Prospect Theory (Kahneman and 

Tversky, 1979) which posits the existence of gain/loss leverage whereby people vary their 

decisions between gains and losses and hence do not adhere to the expected utility theories. 

Mental accounting (Thaler 1985), for example, shows how such decisions are based on the 

perceived separateness of the spent money from other monies rather than spending a composite 

pot of money. It is necessary to introduce the concepts that include the Anchoring and 

Adjustment Heuristic as evidence of how people prefer the first received piece of information 

("anchor") and the Bias in the financial decision-making process. Behavioural finance also 

studies behavioural aspects and how this herd mentality forms a general aspect of market 

behaviours such as bubbles and crashes. These insights have fundamentally changed our 

approach to studying and explaining financial behaviour while providing fundamental ways of 

changing financial behaviour according to the limitations of individuals. 

It's some function in the framework of principles that seem especially pertinent to the Indian 

context of insurance services. The insurance market in India has been described as having low 

penetration coupled with high levels of underinsurance despite the increasing availability of 

many types of insurance products. Heuristics, including overconfidence, loss aversion, and 

mental accounting, affect insurance purchase choices yet force individuals to make erroneous 

decisions. For example, due to these biases, many Indians, while purchasing insurance products, 

avoid life and health insurance even though they are monetary and socially profitable to 

consumers. Overconfidence makes people fail to recognize the risks likely to strike them back. 

In contrast, on the other extreme, loss aversion makes people too sensitive to the cost of meeting 

the insurance premiums. Mental accounting over a period causes people to view insurance 

premiums as an unnecessary expenditure rather than a cost that must be incurred. This paper 

provides a summary of key findings in behavioural finance and how it can help insurers and 

policymakers to implement better solutions to these issues, including the design and promotion 

of precise insurance products, the creation of appealing insurance campaigns which are aligned 

with consumers' psychological predispositions, and the use of policy intervention techniques to 

influence consumer insurance choices positively(Chappell, K.2007). This paper aims to examine 

the behavioural aspect of insurance in the Indian context to conclude factors that influence 
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insurance behaviour and, thus, develop an appropriate strategy to enhance the insurance rate in 

the insurance industry. 

SIGNIFICANCE OF THE STUDY 

The behavioural finance analysis in the Indian insurance industry has important implications for 

the following reasons. As an offshoot of behavioural economics, behavioural finance allows for 

applying psychology in creating more informed economic models relating to insurance 

(Kahneman & Tversky, 1979; Thaler, 1985). Such knowledge is particularly pertinent for 

designing measures for increasing insurance intensity, improving the financial position of both 

individuals and companies, and stabilizing the insurance market (IRDAI, 2019). One of the 

advantages of behavioral finance is the determination of heuristics that make people avoid 

purchasing sufficient insurance. Insurers can, therefore, craft specific recommendations for 

addressing these phenomena, such as overconfidence, loss aversion, and anchoring (Barberis & 

Thaler, 2003). This could mean an increase in insurance density, which results in an 

improvement in insurance earnings and, therefore, improving financial protection for the more 

significant population (Chhabra, 2020). 

This paper will appeal to those who wish to familiarize themselves with behavioural finance and 

its application to financial advising and planning related to clients’ perceptions of risk and 

insurance. It is possible when the advisors designing insurance strategies and products take time 

to understand the details of the client’s passion and potential interests (Statman, 2017). 

Therefore, we conclude that advisors can enhance client satisfaction and long-term financial 

stability by considering the client's emotional and psychological aspects. 

Cognitive biases are helpful to policymakers who may wish to take corrective action and 

encourage customers to engage in more optimal levels of insurance. For instance, persuasive 

actions such as defaulting individuals into health insurance programs or designing essential 

insurance products can help boost people’s participation noticeably (Willis, 2008). If 

policymakers can understand how people do rather than how they ought to, effective programs 

can be designed to promote insurance literacy (Lusardi & Mitchell, 2014). In fact, through the 

perspective of behavioral finance, market inefficiencies, like low insurance take-up and 

underinsurance, cannot be explained by other theoretical approaches (Kumar, 2018). A study of 

these psychological factors will enable researchers and practitioners to understand the root cause 

of such anomalies and also enable them to find ways of minimizing them (Shefrin, 2002). 

Behavioral finance’s cross-discipline approach plays the function of economists, psychologists, 

and other social sciences scholars. Such cooperation results in gaining broader conceptions of 

human actions and improves the evaluation of psychological factors affecting economics 
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(Loewenstein & Lerner, 2003). Behavioural finance naturally benefits academic study and adds 

new possibilities for future study and discovery. By identifying the general mechanisms and 

fallacies consumers use when making their insurance choices, educators and practitioners of 

financial literacy can design more appropriate training and aid for insurance consumers (NCFE, 

2020). This can enable the consumers to be in a better position to make wise decisions, control 

their insurance needs, and thus better and secure their financial positions. 

REVIEW OF LITERATURE 

Behavioral finance came along as a criticism of rational theories embraced by standard finance, 

with an incorporation of psychological principles in a study of the apparent folly in financial 

decisions. Essential papers on the subject were by Kahneman and Tversky proposing the concept 

of Prospect Theory and focusing on the loss aversion concept while Thaler, explaining on how 

the concept of mental accounting leads to suboptimal decisions (Kahneman & Tversky, 1979) 

(Thaler 1985). These studies combined with knowledge of anchoring and herding tendencies 

have played a big role in the literature of financial decision making especial in the insurance 

industry (Barberis & Thaler, 2003; Shiller, 2000). 

Behavioral finance is especially relevant to insurance in India where, though products are 

available, insurance penetration is very low. Outrights biases such overconfidence, loss aversion 

and mental accounting contribute to inadequate insurance coverage and delayed purchase as 

established by different studies (Kumar, 2018; Chhabra, 2020). By using AI, machine learning, 

digital platforms, and block chain are some of the emerging technologies that present solutions 

by customizing recommendations, making processes easier and being transparent (Loewenstein 

& Lerner, 2003; Willis, 2008). They and BI can enhance insurance and general financial literacy 

The above innovations. Further MCD and organisational action research is imperative to extend 

strategies that build on these insights and technologies in support of financial security for 

insurance in India. 

OBJECTIVES OF THE STUDY 

1. To Analyse the trend and pattern of Insurance-related Cognitive Biases 

2. To examine the technological innovations in behavioral finance for indian insurance 

HYPOTHESES 

H1: Self-insurance choice in India: The bias is in the mind A concept study on the Indian 

insurance market There are several cognitive biases which mislead the insurance consumers and 

so, they make irrational decisions. 
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H2: As the paper has demonstrated the application of principles from the behavioural finance 

leads to better insurance penetration and higher satisfaction among Indian customers. 

H3: BI improves Insurance Policies and Interventions in shaping better Insurance Behavioral 

changes and insurance stability in Indian Market. 

METHODOLOGY 

Using a mixed-method research design to study about the subject, this research investigates the 

insurance decision making pattern of Indian consumers in light of behavioral finance. The author 

obtained the primary data by administering questionnaires and conducting interviews on 150 

respondents; secondary data from insurance firms and regulatory agencies. The key variables are 

age, income, education level, family size, overconfidence and fear of loss. Logistic regression 

technique was then applied to predict the probability of insurance uptake as dependent on these 

variables (Saelens, D.2019). The derived equation shows the probability of making an insurance 

purchase as the dependent variable and the independent variables of interest; the statistical 

significance is checked by means of p-values. Additionally, technological interventions were 

implemented to address cognitive biases: AI showed the user recommendation of related articles; 

a digital platform and a mobile app made insurance easy and provided the user with a behavioral 

change prompt; and blockchain made the Smart Contract and ledger more transparent and 

trustworthy. All these methods are directed towards the enhancement of insurance density and 

rationality of financial decisions in India. 

TRENDS AND PATTERNS OF INDIAN INSURANCE SECTOR 

The developments and evolutions in the insurance industry have demonstrated gradual but steady 

improvement in insurance penetration, literacy and policy adoption. Behavioural finance play a 

significant role in influencing insurance related decisions. Ever since people have these cognitive 

biases like loss aversion, anchoring, and complexity aversion, they remain issues but behavioural 

nudges and insurance literacy improvements remain on the positive side. These insights assert 

that the use of behavioral finance to improve insurance uptake and financial protection among 

Indian consumers should include these approaches. 

1. Insurance Penetration Rates 

Trend: Insurance penetration has been improving slowly in India over the past decade as 

mentioned in the table 1 below however the rates are still low than the international benchmark. 

Pattern: However, even when people experience an economic growth, they remain underinsured 

primarily because most of them make irrational decisions arising from loss aversion and 

anchoring. 
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Year Life Insurance Penetration (%) Health Insurance Penetration (%) 

2015 2.7 25 

2016 2.8 28 

2017 2.9 30 

2018 3.0 32 

2019 3.1 34 

2020 3.2 36 

2021 3.2 37 

2022 3.3 38 

2023 3.4 40 

2. Health care insurance information education and enhancements 

Trend: The governmental and private sectors have put emphasis on launching insurance literacy 

and awareness programs more than before. Pattern: Literacy level is positively associated with 

the insurance consumption, but there are still some large gaps, which says that further efforts. 

Year Insurance Literacy (%) Awareness Programs Conducted 

2015 20 100 

2016 21 150 

2017 22 200 

2018 23 250 

2019 24 300 

2020 24.5 350 

2021 25 400 

2022 26 450 

2023 27 500 

3. Effects of Applied Behavioural Approaches 

Trend: Default options regarding insurance choices and straightforward products have reduced 

the level of insurance shallowness. Pattern: These interventions have been effective for 

discouraging the effects of cognitive biases, especially in persuading first time users of insurance 

products. 

Year Default Enrollment Schemes 

(%) 

Simplified Product Offerings 

(%) 

Overall Insurance Uptake 

(%) 

2015 5 10 30 

2016 7 12 32 

2017 10 15 34 

2018 12 18 36 

2019 15 20 38 
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2020 18 25 40 

2021 20 28 42 

2022 22 30 44 

2023 25 35 46 

4. Consumer Behaviour and preferences 

Trend: The consumer base has also evolved in that at present it is demanding simpler product 

structures that can be easily understood. Pattern: Consumers are gradually preferring products 

that have good utility value; products with visible positive attributes are popular since they help 

to minus the issues of complexity avoidance and decision paralysis. 

Year Preference for Transparent Products (%) Preference for Simple Terms (%) 

2015 40 35 

2016 42 38 

2017 45 40 

2018 48 42 

2019 50 44 

2020 52 46 

2021 55 48 

2022 57 50 

2023 60 52 

THE LOGISTIC REGRESSION ANALYSIS 

Variable Coefficient 

Std. 

Error z-value P>|z| 

95% 

Conf. 

Interval 

(Lower) 

95% 

Conf. 

Interval 

(Upper) 

Const -11.8197 7.965 -1.484 0.138 -27.43 3.791 

Age 0.2223 0.24 0.928 0.353 -0.247 0.692 

Income -3.0908 1.583 -1.952 0.051 -6.194 0.012 

Education Level 0.0743 1.011 0.074 0.941 -1.907 2.055 

Family Size 2.1468 1.079 1.989 0.047 0.032 4.262 

Over confidence Score 0.7957 0.57 1.396 0.163 -0.322 1.913 

Loss Aversion Score 1.288 0.8 1.609 0.108 -0.281 2.857 

Interpretation: According to the result of the logistic regression analysis, it is considered that 

family size has a positive association with the insurance taking probability (coefficient = 2.1468, 

p-value = 0.047). Income reveals a nearly significant negative impact on insurance (coefficient = 

-3.0908, p-value = 0.051) which imply that a higher income may result to low demand for 
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insurance likely because people with high income feel riches enough and do not require 

insurance. Other control variables including age, education level, overconfidence and loss 

aversion, though having different coefficients exhibit no significant impact on insurance uptake 

in this sample. From these findings, it is suggested that future interventions must reflect on 

family characteristics or perceived financial status to improve insurance penetration. 

 

ANALYSIS OF TRENDS AND PATTERNS IN THE INDIAN INSURANCE SECTOR 

The analysis of trends and patterns reveals that the Indian insurance sector is experiencing 

gradual but steady growth in insurance penetration, literacy, and overall uptake. Behavioural 

interventions, such as default enrolment schemes and simplified product offerings, play a 

significant role in this progress. Increasing consumer preference for transparency and simplicity 

in insurance products further supports the positive trends observed. These insights underscore the 

importance of continuing efforts to address cognitive biases and enhance insurance adoption 

through targeted strategies and educational initiatives. The trends and patterns in the Indian 

insurance sector based on the data provided can be summarized as follows:  

1. Insurance Penetration Rates 

Policy Impact: The introduction of government schemes such as Pradhan Mantri Jeevan Jyoti 

Bima Yojana (PMJJBY) and Pradhan Mantri Suraksha Bima Yojana (PMSBY) has significantly 

contributed to the increase in life and health insurance penetration. These schemes offer 

affordable insurance coverage to the masses, making insurance more accessible. Life insurance 
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penetration increased from 2.7% in 2015 to 3.4% in 2023, while health insurance penetration 

rose from 25% to 40% over the same period. These schemes have helped bridge the gap in 

insurance coverage for low-income groups. 

2. Insurance Literacy and Awareness Programs 

Initiatives by the Insurance Regulatory and Development Authority of India (IRDAI) to promote 

insurance literacy through campaigns and educational programs have been crucial. Programs 

such as the "Insurance Awareness Campaign" and school curriculums incorporating insurance 

education have raised awareness. 

Insurance literacy increased from 20% in 2015 to 27% in 2023. These educational efforts have 

enabled more individuals to understand the importance and benefits of insurance. The increase in 

the number of awareness programs conducted by both government and private sectors has played 

a pivotal role. IRDAI's mandate for insurance companies to spend a certain percentage of their 

funds on awareness campaigns has led to a significant rise in such programs. Awareness 

programs increased from 100 in 2015 to 500 in 2023, directly correlating with the rise in 

insurance literacy and uptake. 

3. Behavioral Interventions 

Policies promoting automatic enrollment in insurance schemes, especially in the employment 

sector, have led to higher uptake rates. For example, the Employees' State Insurance Scheme 

(ESIS) automatically enrolls eligible employees, increasing health insurance coverage. Default 

enrollment schemes increased from 5% in 2015 to 25% in 2023, contributing to the steady rise in 

overall insurance uptake. IRDAI's regulations on simplifying insurance products and making 

terms more transparent have had a significant impact. Policies requiring insurers to offer 

standardized and easy-to-understand products, like the Arogya Sanjeevani Policy for health 

insurance, have made it easier for consumers to make informed decisions.Simplified product 

offerings rose from 10% in 2015 to 35% in 2023, enhancing consumer confidence and adoption 

rates. 

4. Overall Insurance Uptake 

Comprehensive policies that integrate multiple strategies, such as subsidies for low-income 

groups, mandatory insurance for certain sectors, and digital platforms for easy access, have 

boosted overall insurance uptake. Overall insurance uptake increased from 30% in 2015 to 46% 

in 2023, reflecting the cumulative effect of these policies. 
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5. Consumer Preferences 

Regulations enforcing transparency in insurance contracts and mandating clear communication 

of policy terms and benefits have been key. The "Standard Proposal Form" initiative by IRDAI 

ensures that consumers receive all necessary information in a standardized format.Preference for 

transparent products increased from 40% in 2015 to 60% in 2023, indicating greater consumer 

trust in the insurance industry. Policies aimed at simplifying insurance terms and reducing jargon 

have helped consumers better understand and compare insurance products. The introduction of 

user-friendly digital platforms has also contributed to this trend. Preference for simple terms 

increased from 35% in 2015 to 52% in 2023, facilitating easier decision-making for consumers. 

 

LOGISTIC REGRESSION EQUATION FOR INSURANCE UPTAKE 

In logistic regression, the relationship between the independent variables (predictors) and the 

dependent variable (outcome) is modeled using a logistic function. The logistic regression 

equation predicts the probability that the dependent variable equals a certain value (usually 1, 

representing the event of interest). 
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Given the following variables from the analysis: 

- Age 

- Income 

- Education Level 

- Family Size 

- Overconfidence Score 

- Loss Aversion Score 

The logistic regression model can be represented as: 

𝑙𝑜𝑔𝑖𝑡(𝑝)  =  𝑙𝑛(𝑝 / (1 −  𝑝))  

=  𝛽0 +  𝛽1(𝐴𝑔𝑒)  +  𝛽2(𝐼𝑛𝑐𝑜𝑚𝑒) +  𝛽3(𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 𝐿𝑒𝑣𝑒𝑙)  

+  𝛽4(𝐹𝑎𝑚𝑖𝑙𝑦 𝑆𝑖𝑧𝑒)  +  𝛽5(𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 𝑆𝑐𝑜𝑟𝑒)  

+  𝛽6(𝐿𝑜𝑠𝑠 𝐴𝑣𝑒𝑟𝑠𝑖𝑜𝑛 𝑆𝑐𝑜𝑟𝑒) 

Where: 

𝑝 𝑖𝑠 𝑡ℎ𝑒 𝑝𝑟𝑜𝑏𝑎𝑏𝑖𝑙𝑖𝑡𝑦 𝑜𝑓 𝑡ℎ𝑒 𝑒𝑣𝑒𝑛𝑡 𝑜𝑐𝑐𝑢𝑟𝑟𝑖𝑛𝑔 (𝑖𝑛 𝑡ℎ𝑖𝑠 𝑐𝑎𝑠𝑒, 𝑝𝑢𝑟𝑐ℎ𝑎𝑠𝑖𝑛𝑔 𝑖𝑛𝑠𝑢𝑟𝑎𝑛𝑐𝑒). 

𝛽0 𝑖𝑠 𝑡ℎ𝑒 𝑖𝑛𝑡𝑒𝑟𝑐𝑒𝑝𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑚𝑜𝑑𝑒𝑙. 

𝛽1, 𝛽2, 𝛽3, 𝛽4, 𝛽5, 𝛽6 𝑎𝑟𝑒 𝑡ℎ𝑒 𝑐𝑜𝑒𝑓𝑓𝑖𝑐𝑖𝑒𝑛𝑡𝑠 𝑓𝑜𝑟 𝑡ℎ𝑒 𝑟𝑒𝑠𝑝𝑒𝑐𝑡𝑖𝑣𝑒 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒𝑠. 

 
From the regression results, we have the following coefficients: 

 𝛽0 =  −11.8197𝛽1 =  0.2223 (𝐴𝑔𝑒)𝛽2 =  −3.0908 (𝐼𝑛𝑐𝑜𝑚𝑒)𝛽3 

=  0.0743 (𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 𝐿𝑒𝑣𝑒𝑙)𝛽4 =  2.1468 (𝐹𝑎𝑚𝑖𝑙𝑦 𝑆𝑖𝑧𝑒)𝛽5 

=  0.7957 (𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 𝑆𝑐𝑜𝑟𝑒)𝛽6 =  1.2880 (𝐿𝑜𝑠𝑠 𝐴𝑣𝑒𝑟𝑠𝑖𝑜𝑛 𝑆𝑐𝑜𝑟𝑒) 

Therefore, the logistic regression equation is: 

𝑙𝑜𝑔𝑖𝑡(𝑝)  =  −11.8197 +  0.2223(𝐴𝑔𝑒)  −  3.0908(𝐼𝑛𝑐𝑜𝑚𝑒) +  0.0743(𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 𝐿𝑒𝑣𝑒𝑙)  

+  2.1468(𝐹𝑎𝑚𝑖𝑙𝑦 𝑆𝑖𝑧𝑒)  +  0.7957(𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 𝑆𝑐𝑜𝑟𝑒)  

+  1.2880(𝐿𝑜𝑠𝑠 𝐴𝑣𝑒𝑟𝑠𝑖𝑜𝑛 𝑆𝑐𝑜𝑟𝑒) 

To convert this logit into a probability, use the logistic function: 

𝑝 =  1 / (1 +  𝑒^(−𝑙𝑜𝑔𝑖𝑡(𝑝)))Substituting the logit equation into the logistic function gives: 



International Journal of Social Science and Economic Research 

ISSN: 2455-8834 

Volume:11, Issue:07 "July 2026" 

 

www.ijsser.org                              Copyright © IJSSER 2026, All rights reserved Page 2886 
 

𝑝 =  1 / (1 +  𝑒^{−(−11.8197 +  0.2223(𝐴𝑔𝑒)  −  3.0908(𝐼𝑛𝑐𝑜𝑚𝑒)  

+  0.0743(𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 𝐿𝑒𝑣𝑒𝑙)  +  2.1468(𝐹𝑎𝑚𝑖𝑙𝑦 𝑆𝑖𝑧𝑒)  

+  0.7957(𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 𝑆𝑐𝑜𝑟𝑒)  +  1.2880(𝐿𝑜𝑠𝑠 𝐴𝑣𝑒𝑟𝑠𝑖𝑜𝑛 𝑆𝑐𝑜𝑟𝑒))}) 

TECHNOLOGICAL INNOVATIONS IN BEHAVIORAL FINANCE FOR INDIAN 

INSURANCE 

The integration of technology with behavioral finance offers promising solutions to enhance 

insurance uptake and improve financial decision-making in the Indian insurance sector. By 

leveraging advanced technologies such as artificial intelligence (AI), machine learning (ML), 

and digital platforms, insurers can address cognitive biases and simplify the insurance 

purchasing process (Willis, 2008). For instance, AI and ML algorithms can analyze vast amounts 

of data to understand individual consumer behaviors, preferences, and biases. By identifying 

patterns, these technologies can provide personalized insurance recommendations tailored to the 

specific needs and psychological profiles of consumers, reducing the influence of overconfidence 

and loss aversion (Loewenstein & Lerner, 2003). Additionally, insurers can use ML models to 

predict consumer behavior and identify potential biases, allowing them to proactively address 

these biases through targeted interventions and nudges (Lusardi & Mitchell, 2014). Digital 

platforms can streamline the insurance onboarding process, making it easier for consumers to 

compare and purchase policies. Features like clear and concise information, interactive tools, and 

step-by-step guidance help reduce complexity aversion and improve decision-making (Statman, 

2017). Online insurance aggregators provide transparency by allowing consumers to compare 

multiple insurance products on a single platform, mitigating anchoring bias (Kahneman & 

Tversky, 1979). Mobile applications dedicated to financial literacy and insurance education can 

help consumers understand the importance of insurance and recognize their cognitive biases, 

while personalized notifications and reminders via mobile apps can nudge consumers towards 

better insurance behaviors (NCFE, 2020). Blockchain technology can enhance the security and 

transparency of insurance transactions through smart contracts and immutable ledgers, building 

consumer trust and reducing the risk of fraud (Barberis & Thaler, 2003). Advanced data analytics 

can also segment customers based on their behavioral patterns, enabling insurers to design 

targeted marketing campaigns and personalized offers that resonate with different consumer 

segments, ultimately improving insurance uptake (IRDAI, 2021). 

MAJOR FINDINGS AND RECOMMENDATIONS 

The logistic regression analysis reveals that family size significantly influences insurance uptake, 

with larger families being more likely to purchase insurance. This suggests a greater perceived 

need for financial protection among individuals with more dependents. Additionally, income 

shows a nearly significant negative effect on insurance uptake, indicating that higher-income 
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individuals might feel financially secure without insurance. Other factors such as age, education 

level, overconfidence, and loss aversion do not show statistically significant effects in this 

sample, suggesting that these variables might not be the primary drivers of insurance decisions in 

this context or that the sample size may limit the statistical power to detect their effects. 

To increase insurance adoption, insurers should design targeted marketing campaigns and 

products specifically for larger families, emphasizing the benefits of financial protection for 

dependents. For higher-income individuals, educational initiatives highlighting the role of 

insurance in estate planning, wealth protection, and tax benefits could be effective. Policymakers 

might consider offering subsidies or incentives for larger families to reduce the financial burden 

of insurance premiums. Broader awareness campaigns addressing common misconceptions about 

insurance and emphasizing its importance for long-term financial stability can also help. Further 

research with larger sample sizes is recommended to better understand the nuanced effects of 

factors like overconfidence and loss aversion, enabling the design of more effective behavioral 

interventions. 

FUTURE RESEARCH DIRECTIONS 

Future research in behavioral finance for the Indian insurance sector should focus on 

understanding specific cognitive biases, developing effective behavioral interventions, and 

integrating advanced technologies such as AI and blockchain. Studies should evaluate the impact 

of digital platforms and personalized nudges on insurance uptake and explore the effectiveness of 

financial literacy programs and behavioral workshops. Additionally, research should analyze how 

different socioeconomic and demographic groups are influenced by cognitive biases and 

investigate the role of cultural factors in shaping insurance behavior. Examining the impact of 

policy interventions and promoting interdisciplinary and collaborative studies will be crucial for 

developing comprehensive solutions that enhance insurance penetration and improve financial 

decision-making among Indian consumers. 

CONCLUSION 

This study examines the impact of behavioral finance on insurance decisions and performance in 

India, focusing on cognitive biases and demographic factors that influence consumer insurance 

behavior. This study finds that family size significantly influences insurance uptake, with larger 

families more likely to purchase insurance due to greater financial protection needs. Income 

shows a marginally negative effect, suggesting that higher-income individuals may rely less on 

insurance. Other factors, including age, education, overconfidence, and loss aversion, do not 

have significant effects in this sample 
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The findings highlight the importance of demographic and financial factors in insurance 

decisions and suggest that targeted awareness programs, marketing strategies, and policy 

incentives can help increase insurance adoption. Further research with larger samples is needed 

to better understand the role of cognitive biases in insurance behavior. 
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